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What do we do?

- The IMF estimates that 2-5% of global GDP is associated with economic crime annually,
$2-5Tr...

. ... while less than 1% of this is actually caught

. ...and Fls are spending billions trying to combat this

We use Mastercard’s network
view of transaction data to build
products and services to aid
financial institutions in
combating financial crime
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Data

A2A In the UK

PJbacs

e 3day clearing

e 20m transactions per day
e Most wages

e Direct Debits

o Benefits

e [Nvoices

) Faster

Payments

e <2 seconds clearing

e /M transactions per day
o Standing orders

e [Nnternet payments
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Nelghpbournoods
oo at scale
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Economy Sized Cr
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- How can you make sense of this?

- Motifs!
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Personal

Money Transfer
Loans

Foreign Exchange
E Wallet

Debt recovery
Crypto

Collection Account
Card

Business

~£12m in 18 months

Percentage of total value
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Thank youl!



mailto:prina.patel@mastercard.com

